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1 Large Margin Nearest Neighbor
Fig.1 Large Margin Nearest Neighbor
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Table 1 Experimental results on artificial dataset

Ti& RIS F f#
LOF 20 12 0.600
OCs 30 12 0.480
RE T 20 15 0.750

& 2 RSB EROXI R EE
Table 2 Target words used in the experiment

i HiZE

4,7 HF, Bk, B, Bal, &, B, FOL RERE, 5, H, W, RS 56,
T, BT, —, b, E2, B, bo

R 29, BB, Has, £&xDH, AnD, #xbH, £xbH, Bv5, 5, T, 1o,
o, &5, %, b5, B, Rxd, @05, o, fio, kb, 5
[z RKEWV, @by, R, R, B

L &35, F72, One-Class SVM (2 & B FILETIE, 30 DT —& #4MUBEOIEM & LT

T 5.
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Table 3 Experimental results on Semeval-2010 Japanese WSD task dataset

T IR S F i
LOF 960 3 0.006
OCs 1150 3 0.005
R T 960 5 0.012
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Table 4 Effect of distance metric learning for each peculiar example

HiRE AGIES | FEaELL | EERIEN
e 31 84 12
+ 32 14 14
33 20 18
34 37 19
il 34 54 64
35 51 60
36 53 63
38 9 17
46 50 59
47 59 66
48 98 95
kw5 31 67 46
HIF 5 40 89 65
41 93 55
[ E) 48 59 42
49 57 38
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