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from keras.datasets import imdb

(train_data, train_labels), (test_data, test_labels) =
imdb.load_data(num_words=10000)

>>> train_data[0]

[1, 14, 22, 16, ..., 178, 32]
>>> train_labels[0]

1

>>> max([max(sequence) for sequence in train_datal])
9999
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import numpy as np

def vectorize_sequences(sequences, dimension=10000):
#t 2K A (len(sequences), dimension) D{THZ{ERL L. 0 TCIE D %

results = np.zeros((len(sequences), dimension))

for i, sequence in enumerate(sequences):
results[i, sequence] = 1. #results[ilD A > T v 7 X & 1IIE&TE
return results

#ERT — 2D ML

X_train = vectorize_sequences(train_data)
HTAMT—2DXRYT L

X_test = vectorize_sequences(test_data)
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>>> X_train[0]
array([0., 1., 1., ...,0,,0.,0.])

« Z7NILHRT MILELL THKL.

y_train = np.asarray(train_labels).astype('float32’)
y_test = np.asarray(test_labels).astype('float32’)
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Dense(16, activation="relu’)
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from keras import models
from keras import layers

model = models.Sequentiall()

model.add(layers.Dense(16,
activation='"relu’,
input_shape=(10000,)))

model.add(layers.Dense(16,
activation='"relu'))

model.add(layers.Dense(1,
activation="'sigmoid’))
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model.compile(optimizer='rmsprop’,
loss='binary_crossentropy/,
metrics=['accuracy’])
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x_val = x_train[:10000]
partial_x_train = x_train[10000:]
y_val =y train[:10000]
partial_y train =y train[10000:]
512U TILD I =Ny FT20LR Y 7 DIIIER
history = model.fit(partial x_train,
partial y train,
epochs=20,
batch_size=512,
validation _data=(x_val, y val))
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>>> history_dict = history.history

>>> history_dict.keys()

dict_keys(['val _acc', 'acc’, 'val_loss', 'loss’])
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import matplotlib.pyplot as plt # “b” |£”solid blue line” (F D EHR) % =
ESERS
, _ _ _ plt.plot(epochs, val_loss, 'b’,
history dict = history.history label="Validation loss’)
loss_values = history_dict[‘loss’]

val_loss_values = history_dict['val_loss'] plt.title('Training and validation loss')

plt.xlabel('Epochs’)

epochs = range(1, len(loss_values) + 1) olt.ylabel('Loss')

plt.legend()
# “bo”|E”blue dot”(BED F v b)ZERT 5

plt.plot(epochs, loss, 'bo’, label="Training
loss')

plt.show()



X T — X EMREET — X TOIBKRIB

Training and validation loss
0.7 1 —
® Training loss
ng4 — Validation loss
ns{ ®
0.4 -
i
=ER
L
0.2 1 -
¢ L
0.1 - ® .
L -
0.0 1 *ee e e,
25 5.0 15 00 125 150 175 200
Epochs




T — R LARFET — X COEMEE TR Y b

plt.clf() # X% BHE
acc = history_dict['acc']
val_acc = history_dict['val _acc']

plt.plot(epochs, accs, 'bo’, label="Training acc')
plt.plot(epochs, val_acc, 'b’, label='Validation acc')
plt.title('Training and validation accuracy')
plt.xlabel('Epochs')

plt.ylabel(‘Accuracy')

plt.legend()

plt.show()
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model = models.Sequentiall()
model.add(layers.Dense(16, activation="relu’, input_shape=(10000,)))
model.add(layers.Dense(16, activation="relu’))
model.add(layers.Dense(1, activation="sigmoid'))

model.compile(optimizer='rmsprop’,
loss='binary_crossentropy’,
metrics=['accuracy'])

model.fit(x_train, y_train, epochs=4, batch_size=512)
results = model.evaluate(x_test, y_test)
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>>> results

[0.29184698499679568, 0.88495999999999997]
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