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keras.callbacks.ModelCheckpoint

(filepath, monitor="val_loss', verbose=0,save_best only=False,
save_weights_only=False, mode='auto', period=1)
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keras.callbacks.EarlyStopping
(monitor="val loss', min_delta=0, patience=0, verbose=0, mode="'auto’)
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class LossHistory(keras.callbacks.Callback):
def on_train_begin(self, logs=1{}):
self.losses =[]

def on_batch_end(self, batch, logs={}):
self.losses.append(logs.get('loss'))
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