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from keras.datasets import boston_housing

(train data, train_targets), (test_data, test_targets) = \

. >>>train_targets
_ d —
~ boston_housing.load_ ata() I array([15.2, 42.3, 50, 194, 19.4, 29.1])

cDF— by FOF—PERMRTAHAEL & Do

>>> train_data.shape
(404, 13)
>>> test_data.shape
(102, 13)
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mean = train_data.mean(axis=0)

train_data _= mean

std = train_data.std(axis=0) . S

. B TAMT—RDERICERINZEIZ. JIET —X
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test data -= mean BRTAETIESH Y £ A,

test_data / = std



3632 —TI)xy M) =7 DR

b 3-26 : EFLOES

from keras import models
from keras import layers

def build_model():
# BUETIZEEE1A AT AT 2HEBEHNH D26,
# ETIEA VAR VAT BcHOREEEER
model = models.Sequential()
model.add(layers.Dense(64, activation='relu',

input_shape=(train_data.shape[1],)))
model.add(layers.Dense(64, activation='relu')) :

e romilatoptanizer= merdil loss{'nse’], metrics=(rmaetyy T 3 —HArE (mean squared error)
~_return model = THMELHMELOEOBFETHY. [O)RHERE
- - OBEXBEHE L TLLKERAISNTVWET,

EHHEITEEZE (mean absolute error. LI FMAE)
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