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scikit-learn itf idf = . TfidfTransformer & TfidfVectorizer& L5 2 D
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In[23]:

from sklearn.feature extraction.text import TfidfVectorizer

from sklearn.pipeline import make_pipeline

pipe = make pipeline(TfidfVectorizer(min_df=5, norm=None),
LogisticRegression())

param grid = {'logisticregression_C': [0.001, 0.01, 0.1, 1, 10]}

grid = GridSearchCV(pipe, param grid, cv=5)
grid.fit(text train, y train)
print("Best cross-validation score: {:.2f)".format(grid.best_score_))

Out[23]:

Best cross-validation score: 0.89 MROUEREAIT
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Features with lowest tfidf: tfidfoEVHRE
['poignant’ 'disagree' 'instantly' ‘'importantly' ‘lacked' 'occurred’
‘currently' ‘altogether' 'nearby' 'undoubtedly' ‘directs' 'fond' 'stinker’
‘avoided’ 'emphasis' ‘commented’ ‘'disappoint’ ‘realizing' 'downhill’
‘inane’]
ZAOXEICHBLTERTSD, HEFYVHBRLDZWLWA, B LLIIFIFFFITRVLX
SICLAERE LAV

Features with highest tfidf: tfidfomuBme
['coop’ 'homer' 'dillinger' 'hackenstein' 'gadget' 'taker' 'macarthur’

'vargas' 'jesse' 'basket' 'dominick' 'the' 'victor' 'bridget' 'victoria'
'khouri' 'zizek' 'rob' 'timon' 'titanic']

‘dillinger’ (A%) . 'titanic’ (BREBIDZE])
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Features with lowest idf:

['the' 'and' 'of' 'to' 'this' 'is' 'it' 'in' 'that' 'but' 'for' 'with'
'was' 'as' 'on' 'movie' 'not' 'have' 'one' 'be' 'film' ‘are' 'you' ‘'all’
'at' 'an' 'by' 'so' 'from' 'like' 'who' 'they' 'there' 'if' 'his' 'out’

'just’ ‘about' ‘he' 'or' 'has' ‘what' ‘some’' ‘'good’ ‘can’' ‘more’ ‘when’
'time' 'up' 'very' ‘even' ‘only' 'no' 'would' ‘'my' ‘'see' 'really’ 'story’
'which' 'well' ‘had' 'me' 'than' 'much' 'their' 'get’' 'were’ ‘'other’
'been’ 'do' 'most' ‘don' ‘her' ‘'also' 'into' 'first' 'made’ 'how' ‘great’
'because’ 'will' ‘people’ 'make' 'way' ‘could' 'we' 'bad' 'after' ‘any’
'too' 'then' 'them' 'she' 'watch' 'think' 'acting' 'movies' 'seen’ 'its’

"him' ]



