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def fit(self, X, y):
X _transformed = X
for name, estimator in self.steps[:-1]:
X_transformed = estimator.fit_transform(X_transformed, y)
self.steps[-1][1]fit(X_transformed, y)
return self

pipe.fit(X,y)

T1.fit(X,
Tl.transform(X) T2.fit(X ,y)
T2.transform(X1) Classifierfit(X2 , y)
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def predict(self, X):
X_transformed = X
for step in self.steps[:-1]:
X _transformed = step[ | ].transform(X_transformed)
return self.steps[-1][1].predict(X_transformed)

pipe.predict(X’)

Tl.transform(X’) T2.transform(X’1)

X' > X'| > X2

Classifierfit(X'2 , y)
|
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* make pipeline
BFATYIT(CH U TA—IN&EIESZDBENINGS.
DS RGICEDNWTEZ DRAT v T ([CEENICREIHITZT D,



6.4 NRNATSA>A>5—

Jdx14 XK

642 X5vIE

END 771X

* named_steps/E T4
)\ AT SA2ICES

ENBDERATY TD)

Btz RICUW\iGa{EH

- A5 W T4 EEstimatordDT « >3+




64 RNRNATSA>2A4>H—-TTA4X

6.4.3 GridSearchCV R D /)\1 T o1 > DEEND 71

|. LogisticRegression”7 5 A 3Bz LN Uy RO —FZ1T5,
CDPFE. PipelineZ F3L\TLogisticRegression(Cc T —~ZE I R (.
StandardScaler(C KD AT — )LEIAZITD,

2. LogisticRegressionDIERIME/ NS A =5 (ECTH D . make_pipelinedZX
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from sklearn.linear model import LogisticRegression
pipe = make pipeline (StandardScaler () , LogisticRegression () )

In:

param_grid = {'logisticregression C': [0.01, 0.1, 1, 10, 1001}
X train, X test, y train, y_test = train_test_split(
cancer.data, cancer.target, random_state=4)
grid = GridSearchCV(pipe, param_grid, cv=5)
grid.fit(X_train, y_train)
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6.4.3 GridSearchCVRD/)\1 T4 > DEHEAND I It

3. GridSearchCV TR DIFTz&E DLogisticRegression EZ) LI,
grid.best_estimator_(CAZASIL CULNDEDZE KRR

Qut: Best estimator:
Pipeline(memory=None,

steps=[('standardscaler', StandardScaler(copy=True, with_mean=True,
with_std=True)), (‘logisticregression’, LogisticRegression(C=0.1, class_weight=None,
dual=False, fit_intercept=True,

Intercept_scaling=1, max_iter=100, multi_class='ovr', n_jobs=1,
penalty='I2', random_state=None, solver='liblinear', tol=0.0001,
verbose=0, warm_start=False))])
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6.4.3 GridSearchCV R D /)\1 T o1 > DEEND 71

4. named_stepsiBEZFIA L T. logisticregression L TR,

_ Logistic regression step:
" LogisticRegression(C=0.1, class_weight=None, dual=False, fit_intercept=True,
Intercept_scaling=1, max_iter=100, multi_class='ovr', n_jobs=1,

Out

penalty='12', random_state=None, solver='liblinear', tol=0.0001,
verbose=0, warm_start=False)

5. MR DANFHEICHIL T DRI DUVNTERR,

Out: Logistic regression coefficients:
[[-0.389 -0.375 -0.376 -0.396 -0.115 0.017 -0.355 -0.39 -0.058 0.209
-0.495 -0.004 -0.371 -0.383 -0.045 0.198 0.004 -0.049 0.21 0.224
-0.547 -0.525 -0.499 -0.515 -0.393 -0.123 -0.388 -0.417 -0.325 -0.139]]



