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from sklearn.datasets import load iris #scikit-learn®datasetsE>a—/L7b
iris dataset = load iris() #load_irisﬁﬁﬁ?éﬁris_datasetéﬁﬁﬁ

print (iris dataset.keys())

dict keys(['data', 'target', 'target names', 'DESCR', 'feature names'])

data target target names DESCR feature_names
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print (iris dataset['DESCR'][:173] + "\n...")

Iris Plants Database

Data Set Characteristics:
:Number of Instances: 150

:Number of Attributes: 4 nu

0 in each of three classes)

data target target names DESCR feature_names
description : 88
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print (iris dataset|['target names'])

| "setosa'’ 'versicolory 'virginica']

data target target names DESCR feature_names
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print (iris dataset['feature names'])

['sepal length (cm)', 'sepal widt cm) ', 'petal length (cm)', 'petal width (cm) ']

data target target names DESCR feature names
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print ("Type of data: {}".format (type(iris dataset['data']))
print ("Shape of data: {}".format(iris dataset['data']. Shape}}
print ("some columns of data:\n{}".format(iris dataset['data'][:5]))

Type of data: <class '"numpy.ndarray'>
Shape of data: (1250, 4)
some columns of data:

[[ 5.1 3.5 1.4 0.2]
[ 4.9 3. 4 0.2]
[ 4.7 3.2 1.3 0.2]
[ 4.6 3.1 1.5 0.2]
[ 5 3.6 1.4 0.2]]

data target target names DESCR feature_names
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print ("Type of data: {}".format (type (iris dataset['target']
print ("Shape of data: {}".format(iris dataset['target']. shape)}
print ("some columns of data:\n{}".format{iris_dataset[‘tarqet'])]

Type of data: <class 'numpy.ndarray'>
Shape of data: (150,)
some columns of data:
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data target target names DESCR feature_names
7 N

77 ANMDFER, T I Tl
O:setosa 1l:versicolor 2:virginica



}

[||

172&ij LN DSRIT
T — X TR T —X

ZDETILIL
KT —&AH2ENL B N
FHEICHIRITE D DN ?

¥

AL

generalize




1.7.2 &ij LNDAIE |
e T —XET AT —X

F—RDODWL DHhHE
KT —2ELTTAEb

e

TFT—Rty bOT—RIFETIMMERBICEHLN TS =8
[RE| OTF—X &L TESBFERAUL,



1.7.2 BRI EE W DAE |
T — X ET RN T —X

/%

TRty bEHOHLD [TAMT—%] & [AlfET—%] [T THIBIT NI,
TAMT—=RIEETIAERRFICIZEDODNLEVDOTERANT—XELTSDEFEZ D,



scikit-learn(c £ %
T—Xty fDODE]
* train test splitFE%X

FT—Xty hE
AL amros _7_— AR 25%
> Al 75%

ICHEIL T NB

F—&t -y k



train test splitFEZX

from sklearn.model selection import train test split
X train, X test, y train, y test = train test split(

iris dataset['data'], iris dataset|['target'], random state=0)
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print (X train.shape)
print (y train.shape)
print (X test.shape)
print (y test.shape

(112, 4)
(112,)
(38, 4)
(38,)
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import matplotlib.pyplot as plt

import pandas as pd

import mglearn

iris dataframe =

pd.plotting.scatter matrix(

iris dataframe,
hist kwds={'bins':

plt.show ()

c=y train,

8,

figsize=(15, 15), marker='o
20}, s=60, alpha=.

pd.DataFrame (X train, columns=iris dataset.feature names)

cmap=mglearn.cm3)
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from sklearn.neighbors import KNeighborsClassifier
KNeighborsClassifier (n neighbors=1

knn =
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knn.fit (X train, y train)

KNeighborsClassifier (algorithm="auto', leaf size=30, metric='minkowski',
metric params=None, n jobs=1, n neighbors=1, p=2,

weights="'uniform')
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import numpy as np
X new = np.array([[5, 2.9, 1, 0.2]])
print ("X new.shape: {}".format (X new.shape))

X new.shape: (1, 4)

Onumpy A >~ 75—k, Scikit-learnlZnumpyE2% = giig & L TW 5,

@F = v 7RAD1T — X X_newZ numpyBcH TERRL T 5

prediction = knn.predict (X new)
print (prediction)
print (iris dataset['target names'] [prediction])

[O]

["setosa']
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y pred = knn.predict (X test)
print (y pred)

(210202011121 1110110021002001102102210
2]

print ("Test set score: {:.2f}".format (np.mean(y pred == y test)))

Test set score: 0.97

print ("Test set score: {:.2f}".format (knn.score(X test, y test)))

Test set score: 0.97
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