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1.1.3. Lasso
1.1.3.1. Setting regularization parameter
1.1.3.1.1. Using cross-validation
1.1.3.1.2. Information-criteria based model selection
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lasso regression
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>>> clf = linear_model.Lasso(alpha =0.1)

>>> clf.fit([[O, 0], [1, 1]], [O, 1])

Lasso(alpha=0.1, copy_ X=True, fit_intercept=True, max_iter=1000,
normalize=False, positive=False, precompute="auto’, tol=0.0001,
warm_start=False)

>>> clf.predict([[1, 1]])

array([ 0.8])




Mean square error
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* The Akaike information criterion

3850Information-criterion for model selection (training time 0.007s)
« AIC = =2InL + 2p e B
1 - criterion
L: jﬁ}_g\ p . }fax_ggy S - — alpha: AIC estimate ||
: == BIC criterion
_ BIC 1 —— alpha: BIC estimate
3750 %
. . . . n
* The bayes information criterion .
c 3700 "
=)
* BIC =—-2InL +plogn 3 A
= .
< " Y 3650 "
n: B> TIVER . U PETEEEEETEEPPY
. ' "
3600 - “:ss .
r ¥
3550 IR A
3005 0.0 0.5 1.0 15 2.0 25 3.0 3.5

-loa(alpha)



