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from splinter import Browser
import pandas as pd
import sys

argvs = sys.argv
argc = len(argvs)

fr = open(argvs[1],’r”)
fw = open(argvs[2],’w’)

browser=Browser(’firefox’)

line = fr.readline()
while line:
line=line.rstrip()

browser.visit(*http://www.bing.com/translator/’)

search_bar_xpath="//*[@id="t_sv"]’
search_bar=browser.find_by_xpath(search_bar_xpath)
search_bar.fill(line)

try:
search_results_word xpath=’/html/body/div[4]/div[3]/div[5]/div[2]/
table/tbody/*/td[1]’
search_results_word=browser.find_by_xpath(search_results_word xpath)

if len(search_results_word)<=4:
l=len(search_results_word)
else:
1=4

for i in range(l):
fw.write(line+’,’ +search_results_word[i].text+’\n’)
except Exception:
pass

line = fr.readline()
fr.close
fw.close
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import MeCab

import gensim

import numpy as np

from gensim.models import word2vec
import sys

import warnings

warnings.filterwarnings("error")

mt = MeCab.Tagger(’”)

mt.parse(’ )

model = gensim.models.KeyedVectors.load _word2vec_format("./en_ja_bwe/
wiki_ja_semi_imp.bwe" binary=False)

—_
= O © 00 N O Ut i W N -

12 #model = word2vec. Word2Vec.load(" . /wiki_ja/wiki_ja.model")
13
v #0000000000DO

15 def get_vector(text):

16 sum_vec = np.zeros(200)

17 word_count = 0

18 node = mt.parseToNode(text)

19 while node:

20 fields = node.feature.split(",")

21 #0000 OobDOoO

22 if fields[0] == "0 0 or fields[0] == 00’ or fields[0] == 000 *:
23 try:

24 sum_vec += model[node.surface]
25 word_count +=1

26 except Exception:

27 pass

28 node = node.next

29 try:

30 return sum_vec / word_count

31 except Exception as e:

32 print(e,’ error joccurred’)

33 return np.zeros(200)

34

35 FcosOOOOOMO

36 def cos_sim(vl, v2):

37 return np.dot(vl, v2) / (np.linalg.norm(vl) * np.linalg.norm(v2))
38

39

40 if _name__ == "__main__":

41 argvs = sys.argv
42 argce = len(argvs)
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matrix = np.empty((0,200))

for i in range(2):
si = str(i)
for j in range(10):
5 = str()
for k in range(10):
sk = str(k)
for I in range(10):

s = argvs[1]+si+sj+sk+str(l)+’ . txt’

f = open(s,’r?)
text = f.read()

f.close()

vec = get_vector(text)

if vec.all() ==
print("error: "+s)

else:

matrix = np.vstack([matrix,vec])

np.save(argvs[2],matrix)

0O
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#O0OOOOO
#O0OOOOOO
#00O0OOOO
from polyglot.text import Text
import numpy as np

import warnings

import gensim

from gensim.models import word2vec
import sys

import pickle

warnings.filterwarnings("error")

#bwe

#model = gensim.models.KeyedVectors.load_word2vec_format(" . /en_ja_bwe/
wiki_en_semi_imp.bwe" binary=False)

#00OO0OOOO

model = gensim.models.KeyedVectors.load_word2vec_format("./wiki_en/wiki_en.

emb" binary=False)

#model = word2vec. Word2Vec.load(" . /wiki_en/wiki_en.model")

def get_vector(text):
sum_vec = np.zeros(200)
word_count = 0
node = Text(text)
for node in node.pos_tags:

if node[1][0] == ’N’ or node[1][0] == ’V’ or node[1][0] == ’A’:

try:

000000000 ex)cls—amazon/en/books/train/

gboogoobooboobbooboo
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30 sum_vec += model[node[0]]

31 word_count += 1

32 except Exception:

33 pass

34 try:

35 return sum_vec / word_count
36  except Exception as e:

37 print(e,’ error occurred’)

38 return np.zeros(200)

39

40 if _name__ == "__main__":

41 argvs = sys.argv
42 argc = len(argvs)

44 matrix = np.empty((0,200))

46  ngnumber=0(
47 ngnumbers=|]

48

49 for i in range(2):

50 si = str(i)

51 for j in range(10):

52 sj = str(j)

53 for k in range(10):

54 sk = str(k)

55 for | in range(10):

56 s = argvs|1]+si+sj+sk+str(l)+ . txt’
57 f = open(s,’r?)

58 text = f.read()

59 f.close()

60 try:

61 vec = get_vector(text)

62 if vec.all() == 0:

63 print("error: "+s)

64 ngnumber = 1000%i + 100%j + 10xk + 1
65 ngnumbers.append (ngnumber)

66 ngnumber = 0

67 else:

68 matrix = np.vstack([matrix,vec])
69 except Exception as e:

70 print(e,’ error occurred’+s)

71 ngnumber = 1000%i + 100%j + 10xk + 1
72 ngnumbers.append(ngnumber)

73 ngnumber = 0

74 print(si+sj+sk+’\n?)

75

76 = open(argvs[3],’wb?)

77 pickle.dump(ngnumbers, f)
78 f.close()

79 print(ngnumbers)

80 print(len(ngnumbers))

81 np.save(argvs[2],matrix)

82 print(matrix.shape)
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