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import numpy as np
import sys , pickle
import gensim

import time

import multiprocessing

# Loding
model = gensim.models.KeyedVectors.load_word2vec_format(’./jatext8.bin’, binary=False)

def save_bin(load_file,save_file):
sentences = gensim.models.word2vec.Text8Corpus(load_file)
mod = gensim.models.word2vec.Word2Vec (sentences, size=200)
mod.save_word2vec_format (save_file)

# Distance text to text

def wmd(til,t2):
distance = model.wmdistance(tl,t2)
return distance

# one milion line
def load_txt (path):
with open(path) as f:
lines = [s.strip() for s in f.readlines ()]
return lines

def load_clus(path):
with open(path) as f:
dic = dict((map(int,(s.strip().split(’,’))) for s in f.readlines()))
return dic

def search_wmd (txt,txt_list):
count = 0
dis = {}
starttime = time.time ()
for 1i in txt_list:
dis[count] = wmd(txt,1li)
count += 1
endtime = time.time ()
intarval = endtime-starttime
#max_key = maz(dis,key=dis.get)
max_keys = sorted(dis.items () ,key = lambda x:x[1]) [:100]
return [intarval ,max_keys]

def cluster_wmd(txt,txt_list,clus_list):
dis = {}
starttime = time.time ()
for key in clus_list:
dis[key] = wmd(txt,txt_list[key])
endtime = time.time ()
intarval = endtime - starttime
#maxz_key = maz(dis,key=dis.get)
max_keys = sorted(dis.items(),key = lambda x:x[1]) [:10]
return [intarval ,max_keys]
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def mul_wmd(tuple_data):
return tuple_data[0] (tuple_datal[1],tuple_datal[2])

def mul_cluster (tuple_data):
return tuple_data[0] (tuple_datal[1],tuple_datal[2],tuple_datal[3])

milion_lines = load_txt(’wiki_00_line.txt’)

search_txt = load_txt("search_text.txt")

clus_data = load_clus(’./data/clus_data3.txt’)
clus_search = load_clus(’./data/clus_search3.txt’)

val = clus_search[0]

keys = [int(k) for k, v in clus_data.items() if v == vall
#start

result = []

#starttime = time.time ()

#result = search_wmd (search_txzt [0],milion_lines)

#t_data = [(search_wmd, search_tzt[i],milion_lines) for % 4n range (100)]
t_data = [(cluster_wmd,search_txt[i],milion_lines ,keys) for i in range (100)]
with multiprocessing.Pool(5) as p:

multi = p.map(mul_cluster,t_data)

#end
#endtime = time.time ()
#interval = endtime - starttime

#print (str(interval) + O "")

#print (result)

print (’====,,,allsearchy , ,====")

#for i in mults:

# print (i)

print (’====_cluster_ search ====7)

for i in multi:
print (i)

with open(’list_clus3.bin’,’wb’) as f:
pickle.dump (multi,f)

Listing 2 make_txt.py

import unicodedata
import re
import os

def judge (text):
count = 0
for s in text:
if unicodedata.east_asian_width(s) in ’FW’:
count += 1
else:
return O
return count

def load(file_name):
with open(file_name) as f:

lines = [s.strip() for s in f.readlines ()]

lines = [re.findall(r’00 .+7(?<=[])’,s) for s in lines]
lines = [i for j in lines for i in j]

lines = [line for line in lines if 30 <= judge(line) <= 100]

return lines

def save(file_name,text):
with open(file_name ,mode = ’w’) as f:
f.write(’\n’.join(text))

dir = os.listdir (path)
dir = [path +’/’+ x for x in dir]
return sorted(dir)

def file_list(path):

’wiki_00_1i.txt’
>../wikipwdia/AA’

save_file
file_path




34
35
36
37
38
39
40
41
42

gooogoogogoood

17

text_list = []
load_file = file_list(file_path)
for x in load_file:
text_list.extend(load(x))
if len(text_list) > 10010:
break

save (save_file,text_list)




