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Detection of Peculiar Examples using Distance
Metric Learning from Labeled Example pairs

Minoru Sasaki∗1 and Hiroyuki Shinnou∗1

In this paper, we propose a new peculiar example detection method using dis-
tance metric learning from labeled example pairs. To evaluate the efficiency of
the proposed method, we make experiments on artificial dataset and Semeval-
2010 Japanese WSD task dataset. As the results of these experiments, we
found that it is effective for density-based outlier detection to use distance
metric learning from the label information of training data.
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Nk(x) = {y ∈ D \ {x}|d(x, y) ≤ k-distance(x)} (1)
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1 Large Margin Nearest Neighbor

Fig. 1 Large Margin Nearest Neighbor
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Table 1 Experimental results on artificial dataset

F

LOF 20 12 0.600

OCS 30 12 0.480

20 15 0.750
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Table 2 Target words used in the experiment

One-Class SVM 30

4.2 Semeval2010
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3 Semeval-2010 WSD

Table 3 Experimental results on Semeval-2010 Japanese WSD task dataset

F

LOF 960 3 0.006

OCS 1150 3 0.005

960 5 0.012
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Table 4 Effect of distance metric learning for each peculiar example

31 84 12

32 14 14

33 20 18

34 37 19

34 54 64

35 51 60

36 53 63

38 9 17

46 50 59

47 59 66

48 98 95

31 67 46

40 89 65

41 93 55

48 59 42

49 57 38
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